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plausible theory of change in place and its implementation has been assessed as sound) 

 

European Evaluation Society, 2007, Statement: The Importance of a Methodologically Diverse Approach to Impact Evaluation. 

 

Evidence in Governance and Politics, 2020, Methods Guides.   (a very useful website with technical guidance for conducting impact evaluations). 
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evaluators unacquainted with philosophy) 

 

Impact and Innovation Unit, Government of Canada, 2019, Measuring Impact by Design: A guide to methods for impact measurement:   (a new 
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external environment; or the evaluation itself is faulty) 

 

Ledford, J. 2018, “No Randomization? No Problem: Experimental Control and Random Assignment in Single Case Research”, American Journal 
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